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Behavior Classification and Description Generation on 2D Human Postures in Care Facilities
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This paper describes a novel approach to classifying whole body motions from estimated human
postures in 2D camera images, and subsequent generating their relevant descriptions. The motions
are encoded into the stochastic motion models that are referred to as motion primitives. Words are
connected to the motion primitives, and word n-grams are represented in the stochastic manners. More
specifically, the motion observation is classified into the motion primitive, from which its relevant words
are generated. These words are arranged in a grammatically correct order to make the descriptions for
the observation. This approach was tested on actions performed by the elderlies in the care facility and

its validity was demonstrated.
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Table 1 21 different kinds of motion patterns
Motion label

Motion index

1 sit at a table

2 turn in a wheel chair

3 talk on a wheel chair

4 get up from a bed

5 slide from a bed

6 move from a bed to a wheel chair

7 move from a wheel chair to a bed

8 lie on a bed

9 move in a wheel chair

10 move from a chair to a wheel chair

11 stand up from a wheel chair

12 move from a sofa to a wheel chair

13 eat at a table

14 drink

15 be fed

16 open a door

17 wash hands

18 walk along the corridor

19 walk along the corridor
holding on to the railing

20 fall over

21 lose a balance
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Fig.1 Keypoints and features for whole body motions
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Fig.2 Behaviors are classified into the motion patterns, and subsequently converted to the descriptions.
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Fig.3 Confusion matrices shows the accuracies of motion
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classification on the individual subjects.
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